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Abstract: This paper puts forward the hierarchical structure tree theme ontology theme structure model, and based
on the theme ontology tree level theme detection technology, and finally presents the simulation experiment. In the
real news of data simulation experiment results show that this method can detect effectively flow from text

hierarchical theme, in addition, three measure mixed symmetrical measure the effect is better. Finally, the research

field is discussed.
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Input: Text stream over time, a certain document being process-

ing
Output: topics and events to be added in topic Ontology
1 fort=1, 2, ,T

2 for each arriving document Dt

3 An event with a timestamp was generated,
4 if topic is newly detected,

5 Add this topic to a Topic List,

6 Compute topic correlation

7 Add this topic to it.

8 Attached newly established topic
9 else if topic is existed

10 | Do nothing.

13 end if

14 | end for

15 end for
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